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lying these studies is that media coverage and recommenda-
tions are relevant for the commercial success of products
and services.

However, these media’s primary source of income is
advertising, not circulation (Mantrala et al. 2007). Advertis-
ing revenues accrue from the many marketers that advertise
their products and services in these media outlets. Yet the
same media provide coverage and recommendations of
most of these products and services to their readers. Under
these circumstances, a major question that arises is, To what
extent are media outlets neutral in the coverage and recom-
mendations of their advertisers’ products?

Although a large body of literature in marketing on
advertising has demonstrated the myriad effects of advertis-
ing on sales (Leone 1995), profit (Erickson and Jacobson
1992), increased differentiation of a firm’s products (Kir-
mani and Zeithaml 1993), increased price premiums
(Ailawadi, Lehmann, and Neslin 2003), customer satisfac-
tion (Luo and Homburg 2007), and so forth, little research
has been conducted on whether advertising influences
media coverage and recommendations of products. In addi-
tion, media outlets tend to remain silent on the issue of
proadvertiser bias in editorial content. The occasional pub-
lic accusations (e.g., Steinem 1990; Zachary 1992) take
turns with equally infrequent strong rebuttals (e.g., Gold-
berg 1996; Hughes 2007).

Our goal herein is to empirically investigate several
issues related to whether corporate advertising influences
media coverage of the advertiser’s products and services.
We analyzed a recent (2002–2003) large U.S. and European
data set based on the fashion industry. Our data include 291
fashion companies based in Italy, both large and small, and
the quantity of their advertising and product coverage in

The media routinely provide coverage of and rate and
recommend products and services, such as books,
movies, cars, restaurants, computer hardware and

software, fashion items, wines, and so on, for their readers.
Several empirical studies have tried to model the impact of
such media content on consumers’ choices and market out-
comes (Basuroy, Chatterjee, and Ravid 2003; Chevalier and
Mayzlin 2006; Eliashberg and Shugan 1997; Hennig-
Thurau, Houston, and Sridhar 2006; Hennig-Thurau, Hous-
ton, and Walsh 2006; Holbrook 1999; Holbrook and Addis
2007; Liu 2006). Despite significant differences in the
research questions investigated, a common theme under-
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123 publishers from Italy, France, Germany, the United
Kingdom, and the United States. For Italy, we augment our
investigation with magazine-level data as well.

Our results indicate the influence of corporate advertis-
ing on product coverage. We find that (1) publishers that
depend more on a specific industry for their advertising
revenues are prone to a higher degree of influence from
their corporate advertisers than others, (2) peer pressures
from competing publishers affect coverage decisions, (3)
larger and more innovative companies have an advantage in
obtaining coverage for their products, and (4) the effects of
corporate advertising influence exist in both Europe and the
United States.

Our findings are significant for marketing scholars and
practitioners for several reasons. First, because consumer
decisions are significantly influenced by coverage and rec-
ommendations in media outlets (Eliashberg and Shugan
1997; Hennig-Thurau, Houston, and Sridhar 2006; Hol-
brook 1999; Holbrook and Addis 2007; Liu 2006), which
consumers consider neutral and, thus, more credible than
advertising (Putrevu 2005; Vishwanathan et al. 2007), cov-
erage favoring advertisers may potentially reduce consumer
welfare. Second, by showing that a rule of reciprocity exists
between advertising and editorial content in different coun-
tries, we contribute to the broad interdisciplinary scholar-
ship that addresses the functioning of the media in capitalist
economic systems in the age of globalization. Third, we
propose that most marketing and public relations hand-
books’ characterization of product publicity as unpaid is
based on an assumption of independence of advertising
from publicity—an assumption that our study questions in
the context of consumer magazines. Fourth, we show that
there are significant differences among marketers in terms
of the “productivity” of their advertising expenditures.
Firm-level characteristics (e.g., size, degree of innovative-
ness) and careful media planning decisions are significant
predictors of firms’ return on advertising investments in
terms of media coverage.

We organize the rest of this article as follows: In the
next section, we develop the key hypotheses. Then, we
describe the data. Following this, we describe the methodol-
ogy and present the results. Finally, we conclude with a dis-
cussion and the managerial implications of our results.

Theory and Hypotheses
Advertising Influence on Publishers
Media scholars (e.g., Bagdikian 2000; Baker, 1994; Herman
and McChesney 1997) have long been concerned about the
possible threats to media objectivity deriving from capitalist
marketplace forces. Media organizations derive their reve-
nue from two markets: a consumer market for media prod-
ucts and an advertising market (Mantrala et al. 2007) in
which access to an audience is sold to advertisers. To the
extent that they depend on the advertising market, media
organizations are particularly vulnerable to advertiser pres-
sures to modify editorial content. The process may be con-
scious, as suggested by reported cases of overt corporate
pressures and threats to withdraw advertising investments
(e.g., Richards and Murphy 1996; Steinem 1990). Even

when no explicit pressures are exerted, media may engage
in self-censorship to please advertisers (Baker 1994).

Empirical studies based on journalist surveys have
found evidence of advertising-related media bias in news-
papers (Soley and Craig 2002) and television networks
(Price 2003). Reuter and Zitzewitz (2006, p. 198) find that
mutual fund recommendations are correlated with past
advertising in three U.S. personal finance publications.
They conclude that the most plausible explanation for their
finding is causal, namely, that “personal finance publica-
tions bias their recommendations—either consciously or
subconsciously—to favor advertisers.” Thus, we propose
the following:

H1: The more a company advertises in a given publisher, the
greater is the coverage of its products in that publisher’s
magazines.

Publisher Dependency and Advertiser Influence

Corporate influence on publishers may be more prominent
in some cases than in others. For example, Price (2003)
finds that reported advertiser pressures are more frequent in
some television networks (e.g., CNN, PBS) than in others
(e.g., ABC, CBS). Similarly, Reuter and Zitzewitz (2006)
find evidence of advertising-related bias in personal finance
magazines but not in national newspapers. Threats to with-
draw advertising revenue might be ineffective when a media
organization can easily find other advertisers to fill the void
(Sutter 2002). Less diversified publishers, which depend
largely on the advertising revenues from a single industry,
exhibit higher levels of dependency on their corporate spon-
sors. Thus, less diversified publishers are motivated to pro-
vide greater coverage for their clients than others. On the
basis of these arguments, we propose the following:

H2: The influence of advertising on product coverage is
greater in the case of less diversified publishers that are
largely dependent on a single industry for their advertising
revenues.

Advertising and Competitive Peer Pressure

Competition among publishers may produce a tension
between a publisher’s desires to conform to the advertiser’s
expectations and a desire to maintain its own reputation.
Patterns of competitive peer pressures within professional
communities of media experts are well documented in stud-
ies on security analysts (Hayward and Boeker 1998; Zuck-
erman 1999) and even literary critics (Janssen 1997; Van
Rees 1987). According to Janssen (1997, p. 278), “a critic’s
selection of works for discussion should be the same as the
selection made by his colleagues. A critic who repeatedly
concerns himself with works not considered to be worth-
while by other critics may arouse doubts about his exper-
tise. The same holds for a critic who omits to deal with
works deemed important by his fellow experts.” Thus, the
more a given company’s products are covered by competing
publishers, the greater is the coverage of those products in
any individual publisher.

Variance in coverage among competing publishers may
also affect coverage decisions of any particular publisher.
Variance may be interpreted as a measure of uncertainty
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about product quality within an occupational community of
product evaluators, which results in divergent coverage
decisions (Hayward and Boeker 1998). Thus, we propose
that variance has a negative impact on coverage decisions
by a publisher. All else being equal, the higher the variance
in a company’s products by other publishers, the lower is
the coverage of those products by any specific publisher.

In summary, extant scholarship suggests that competi-
tive peer pressures, captured by measures of mean and vari-
ance in other publishers’ coverage, can affect the coverage
decisions of individual publishers. We hypothesize that such
pressures will interact with advertising to affect product
coverage. From the perspective of any publisher, when a
company’s products receive low coverage among compet-
ing publishers, giving that company too much coverage
visibility might make the publisher too noticeable and may
even affect its reputation. However, in the presence of high
coverage of a company’s products among competing pub-
lishers, any individual publisher may favor that advertiser
by providing higher coverage without fearing for its reputa-
tion in the field. The influence of corporate advertising on
product coverage decisions may also be affected by uncer-
tainty about the quality of a company’s products, as cap-
tured by variance of coverage. In the case of low variance,
relative consensus about the quality of a company’s product
may cause divergent coverage to loom larger. Conversely, in
the case of high variance, publishers that go against the
mainstream would not be easily noticed when covering too
much of an advertiser’s products. Thus, variance may
decrease the influence of corporate advertising on product
coverage decisions. Formally, we propose the following:

H3: The influence of advertising on product coverage in a
given publisher is (a) greater the more a given company’s
products are covered by competing publishers and (b)
smaller the higher the variance in the coverage of a given
company’s products in competing publishers.

Firm-Specific Characteristics and Advertiser
Influence

Are there differences among companies regarding the “pro-
ductivity” of their advertising expenditures in terms of
media coverage? Media attention for a company and its
products is unequally distributed (Deephouse 2000). Some
are consistently featured in media, while others never obtain
any kind of coverage. Size is one of the firm-specific char-
acteristics that are likely to affect media visibility and cov-
erage. Larger and dominant firms within an industry often
have greater influence over retailers and distributors and
can get their products into more retail outlets and in better
display positions than trailing firms (Ailawadi, Lehmann,
and Neslin 2003). Similarly, larger corporations are likely
to obtain better access to the media (Deephouse 2000).
Thus, media organizations are likely to provide less product
coverage to smaller corporations. Thus, we propose the
following:

H4a: The influence of advertising on product coverage is lower
in the case of smaller companies.

Product innovativeness may affect media coverage.
Because editorial content is limited, magazines must be

selective in their coverage decisions. Scholars have long
tried to identify the conditions that are likely to predict
whether an event will be selected as news (Lippmann
1992). Theories of newsworthiness (Galtung and Ruge
1965; Östgaard 1965) suggest that obtrusive elements of 
the environment have greater news value. In the context of
product coverage decisions, newsworthiness may be related
to product innovativeness. For example, radical product
innovations (e.g., Dewar and Dutton 1986) are arguably
more likely to be featured in editorial content than incre-
mental innovations. Thus, newsworthy products are covered
even in the case of low advertising expenditures. Con-
versely, the media would find it more difficult to cover com-
panies whose products are not newsworthy, even when they
are large advertisers. Thus, we propose the following:

H4b: The influence of advertising on product coverage is
stronger for innovative companies than for noninnovative
companies.

Within-Country Pattern of Advertising Influence

When the publishers and the advertisers are based in the
same country, does corporate advertising assume greater
influence on coverage? The international business literature
has long proposed the idea of a “liability of foreignness”—
that is, a foreign firm may be at a competitive disadvantage
relative to local firms (Zaheer 1995). National differences in
the functioning mechanisms of media related, for example,
to cultural norms and values may deeply affect the effective-
ness of foreign media relations initiatives (e.g., Sriramesh
and Verčič 2003). Whether because of greater surveillance,
familiarity with the domestic culture, nationalistic attitudes
by media outlets, or other factors, the proximity of a com-
pany to the publishers within the same country may result
in greater coverage for any given level of advertising invest-
ment. Thus, we propose the following:

H5: Corporate advertising assumes a greater influence on cov-
erage when the advertiser and the publisher are based in
the same country.

Cross-Country Patterns of Advertising Influence

Publisher reliance on advertising is a global phenomenon
(Baker 1994; Gabszewicz, Laussel, and Sonnac 2001).
Media conglomerates are multinational companies whose
national branches are likely to adopt similar management
practices. Moreover, many companies advertise their prod-
ucts in both foreign and domestic markets. Globalization of
markets (Levitt 1983) and the mass media (Herman and
McChesney 1997) are likely to result in a standardization 
of the advertiser–publisher relationship. In other words,
although advertisers based in the same country may receive
preferential treatment, we would be surprised by the lack of
influence of advertising on the coverage decisions of for-
eign media organizations. Thus, we propose the following:

H6: The effect of corporate influence of advertising on cover-
age by publishers is similar across countries.

We graphically depict our proposed model in Figure 1.
In the next section, we describe the data, the econometric
methodology, and the results.
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FIGURE 1
The Hypothesized Role of Publisher- and Firm-

Level Variables on the Impact of Firm Advertising
on Product Coverage in Editorial Content
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Data, Methodology, and Results
Our data are drawn from the Italian fashion industry, which
has enjoyed a global presence and reputation as producer of
fine fashion since the 1950s (White 2000). With 2006 reve-
nues of almost €52 billion, Italy represents 25.5% of the
total turnover of the European Union fashion system and
ranks third in the world exports of clothing products (SMI-
ATI 2007). The 61,624 Italian textile/clothing firms employ
approximately 525,000 people. With an average size of 8.5
employees, the industry is fragmented and composed
mostly of small firms that are highly export oriented (SMI-
ATI 2007).

Our sample consists of 291 Italian fashion companies
and the volume of coverage of their products received in the
2002–2003 period across a sample of 123 publishers inter-
nationally (61 publishers from Italy, 15 from France, 15
from Germany, 16 from the United Kingdom, and 16 from
the United States). We consider company–publisher dyads.
The list of companies and publishers included in the data
set appears in the Web Appendix (see http://www.marketing
power.com/jmnov09). Data regarding sampled companies’
media coverage and advertising were provided by Visual
Box srl, an independent market research company in Italy
specializing in the fashion industry. The greater number of
Italian publishers in our sample reflects both a more
crowded fashion magazine publishing industry in Italy and
a greater coverage of Italy by the data source. The sample
for non-Italian publishers, according to our data provider,
includes the vast majority of the foreign media organiza-
tions relevant for Italian fashion advertisers (i.e., those in
which Italian companies advertise and/or products by Ital-
ian producers are covered in editorial content). We included
companies in the sample on the basis of the availability of

financial data that we employ as control variables, and we
included all Italian companies for which such data are pub-
licly available.

The key focus of our empirical investigation is the
determinants of the coverage a fashion company’s products
received in various magazines. We focus on the volume of
coverage because, unlike other kinds of products (e.g.,
securities), magazines do not usually rate or recommend
fashion items. Such coverage typically consists of photo-
graphic fashion spreads (Jobling 1999), such as the one
shown in the Appendix. For all the companies in our sam-
ple, we gathered publisher-specific data on coverage. Thus,
in the case of Versace, for example, the data set includes 
the coverage of its products in all the magazines published
by Condé Nast Italy, Axel Springer (Germany), Hearst
(France), Dazed Group (the United Kingdom), Fairchild
(the United States), and many more. Alternatively, we could
have considered more fine-grained levels of analysis (i.e.,
the single magazine or the single journalist). However, fash-
ion magazines’ authorship data are seldom reported, thus
limiting our ability to consider this alternative. Coverage at
the level of the single magazine would have been a more
feasible alternative, but the lack of information about the
organizational structure of each publisher (e.g., the relative
level of editorial autonomy of each magazine, separate ver-
sus collective advertising collection staffs) led us to decide
on a more aggregate level of analysis at the publisher level.
However, we supplement our publisher-level analysis with
magazine-level analysis for Italy.

The dependent variable for our analyses is the volume
of media coverage a given company receives by a given
publisher’s magazines. We employed two measures of
media coverage that are commonly used in the fashion
industry (e.g., Plazzotta 2004): (1) the number of product
placements (NPLACE) in fashion magazines and news-
papers and (2) the number of equivalent number of pages
(NEQPAG) in fashion magazines and newspapers. The for-
mer counts every single product placement in a fashion
spread as “1,” and the latter is a weighted measure that takes
into consideration the presence of other products and the
relative dimensions of the placements. For example, if a
fashion spread features a model wearing a Versace shirt
over Armani trousers, each of the two companies is attrib-
uted 1 placement but only .5 equivalent pages. Thus, two
companies with the same number of placements may have
different levels of visibility. For example, in 2003, both Gap
Inc. and Hermès received 45 placements in Vogue France,
but the former received 7.68 equivalent pages and the latter
received 13.03 equivalent pages (i.e., almost 70% more).
Although these two measures of media coverage are highly
correlated, the equivalent number of pages is a more appro-
priate indicator to measure the overall level of visibility a
brand receives in magazines. We analyzed both these mea-
sures for 2003, but we report the results only for the number
of equivalent pages, NEQPAG.

Advertising (AD) is the key independent variable and is
defined as a fashion company’s total number of advertising
pages in each publisher’s portfolio of magazines in 2003.
This variable is a proxy for the company’s advertising

http://www.marketingpower.com/jmnov09
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expenditures, which are decided far in advance of coverage
decisions. In a variety of industries, it is common to use the
number of advertising pages as a measure of advertising
(Manchanda et al. 2003; Reddy, Swaminathan, and Motley
1998; Wang, Ausiello, and Stafford 1999). We could have
employed advertising rates to estimate advertiser budget;
however, publishers tend to aggressively employ undis-
closed discount policies for competitive reasons, making
comparisons difficult. Thus, we opted for the number of
advertising pages as a measure of advertising activity by
corporations.

The other independent variables we employed in the
analysis are described in detail next. We measured the
degree of specialization in the fashion industry of each pub-
lisher by counting the share of magazines in the publisher’s
portfolio devoted to fashion in 2003. For example, Condé
Nast Italy has a portfolio of 13 magazines, 11 of which are
dedicated to fashion (e.g., Vogue Italia, L’Uomo Vogue) and
2 of which are not (Architectural Digest and Condé Nast
Traveller). Accordingly, its degree of specialization would
be .846 (i.e., 11/13). We then created a variable to denote
the extent of specialization, SPEC, which takes values
between 0 (no dependence on the fashion industry) and 1
(fully dependent on the fashion industry).

To measure the competitive peer pressure, we employed
the mean and variance in coverage of a company’s products
by other publishers within the same country in 2003 (Hay-
ward and Boeker 1998). We computed the mean as the sum
of coverage in all other publishers/magazines in the same
country, except for the “focal” publisher, divided by the
number of publishers in that country (minus 1). For vari-
ance, the formula is similar—that is, variance in all other
publishers within the same country. These variables are
denoted as AVGEQ (mean) and VAREQ (variance).

To measure the degree of innovativeness, we needed to
consider that in the fashion industry, innovation is driven by
style rather than technology. Stylistic innovation refers to
both a product’s aesthetic and its symbolism (Cappetta,
Cillo, and Ponti 2006; Hirschmann 1986). The fashion
industry is characterized by a status hierarchy; on top are
companies that present their collections in the context of the
most important fashion weeks (Paris, Milan, London, and
New York). Inclusion in the official calendars of these fash-
ion weeks is highly selective and open only to companies
that are considered style innovators. Because fashion weeks
attract thousands of fashion journalists (Entwistle and
Rocamora 2006), companies included in their calendars
attract significantly more media attention than lower-status
companies, such as Zara, Gap, or Benetton. After all,
Armani’s new collections, which are presented in the con-
text of Milan’s prêt-à-porter fashion shows, are much more
newsworthy than those by Zara. Thus, the presence of a
company in the calendar of the most important fashion
weeks can arguably be considered a proxy for that com-
pany’s status as an innovator in this industry. Accordingly,
we analyzed the official calendars of fashion weeks in Paris,
Milan, Rome, London, and New York (both haute couture
and prêt-à-porter) in the 2002–2003 period and created a
dummy variable, INNOV, that takes a value of 1 if the com-

1Notably, larger companies do not necessarily participate in
fashion shows, while smaller, emerging fashion brands use these
events to make a reputation for themselves. As a result, correlation
between INNOV and indicator of firm size (total assets) is weak
(see Table 2).

pany is present at least once and 0 if otherwise.1 Finally, we
gathered control variables regarding company age (AGE),
number of employees (NUMEMP), turnover (TURN), total
assets (SIZE), and profitability (return on equity [ROE])
from secondary sources.

Model Specification

The models need to be specified carefully to test the
hypothesized influence of advertising on media coverage.
Several points underlie our model specification. First,
because we are interested in the drivers of both coverage
and advertisements, we construct a system of two inter-
dependent equations: one equation with coverage as the
dependent variable (coverage equation) and one with adver-
tisement as the dependent variable (advertising equation).
Second, following recommendations from prior literature
(Basuroy, Desai, and Talukdar 2006; Elberse and Eliashberg
2003; Reuter and Zitzewitz 2006), to account for the endo-
geneity of advertising when estimating coverage, we treat
both coverage and advertising as endogenous variables.
Third, we assume that the errors in the two equations may
be correlated. This implies that we need to take into account
that exogenous factors not included in our model specifica-
tion could simultaneously affect both coverage and adver-
tisement. We describe the principal relationship between
coverage and advertising in the following two-equation
model:

(1) lnNEQPAGijt = α + β1lnADijt + β2SPECit

+ β3SPECSQit + β4CAVGEQijt 

+ β5CVAREQijt + β6SIZEit – 1 

+ β7INNOVit – 1 + β8SPECit × lnADijt 

+ β9CAVGEQijt × lnADijt 

+ β10CVAREQijt × lnADijt 

+ β11SIZEit – 1 × lnADijt

+ β12INNOVit – 1 × lnADijt

+ β13ROEit – 1 + β14NUMEMPit – 1 

+ β15AGEit + uit, and

(2) lnADijt = δ + γ1lnNEQPAGijt + γ2lnADijt – 1

+ γ3TURNit – 1 + γ4TURNSQit – 1

+ γ5INNOVit – 1 + ηit,
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2The 3SLS procedure first estimates the advertising model (Step
1), then imputes the predicted advertising level in the main and
interaction effects of the coverage model (Step 2), and finally rees-
timates the system taking estimated error correlations into
account. In Step 2, it uses as the interaction Advertising_hat × X
(where Advertising_hat is the predicted advertising level and X is
a variable whose moderating effect is studied) because the endo-
geneity of advertising is not limited only to main effects.

3We also ran the 3SLS regressions on the number of placements
(NPLACE), and the results were similar to the one we report here.
For space considerations, we do not report the NPLACE results
here.

where the subscript i refers to the ith fashion company, 
the subscript j refers to the jth publisher, and t (t – 1)
denotes the current (previous) year. Each of the variables in
Equations 1 and 2 is used on the basis of the previously pro-
posed hypotheses. The variables are defined as follows:
lnNEQPAG = dependent variable = log of number of equiv-
alent pages of coverage in 2003; lnAD = log of advertising
pages in 2003; SPEC = publisher’s degree of specialization
in fashion; SPECSQ = square of SPEC; CAVGEQ = mean
equivalent pages of coverage in competitive publishers;
CVAREQ = variance of equivalent pages of coverage in
competitive publishers; SIZE = assets in 2002; INNOV =
innovativeness measured by the number of fashion shows in
2002; SPEC × lnAD, CAVGEQ × lnAD, CVAREQ × lnAD,
SIZE × lnAD, and INNOV × lnAD are the interaction terms
of SPEC, CAVGEQ, CVAREQ, SIZE, and INNOV, respec-
tively, with lnAD; TURN = turnover in 2002; TURNSQ =
square of TURN; ROE = return on equity; NUMEMP =
number of employees; and AGE = age of the company. The
last three variables have been used extensively in the mar-
keting literature as control variables of firms (e.g., Luo
2007).

We use the log form of the key endogenous variables
(Sriram, Balachander, and Kalwani 2007). All the coeffi-
cients are separately identified because each coefficient is
associated with a unique variable (main effect or interaction
effect with lnAD). (A formal proof is available on request.)
We employ a three-stage least squares (3SLS) procedure to
estimate the system of equations because common factors
may simultaneously affect advertisements and coverage.
The ordinary least squares (OLS) approach is inconsistent
because the endogenous variable of advertising used as a
regressor in the coverage equation is contemporaneously
correlated with the disturbance term in the same equation.
In addition, because the errors across the equations (uit and
ηit) may be correlated, a 3SLS procedure is more efficient
than a 2SLS procedure (e.g., Zellner 1962; Zellner and
Theil 1962).

Before proceeding, we need to examine whether simul-
taneities exist between coverage and advertisement. We
apply the Durbin–Wu–Hausman test to investigate whether
the OLS estimates of the structural equations are consistent.
If we reject the null hypothesis that OLS estimates are con-
sistent, endogeneity is present and the instrumental variable
(IV) estimator is preferred over OLS (Davidson and Mac-
Kinnon 1993). In general, failure to reject the null hypothe-
sis implies that there is no need for structural modeling, but
failure to reject it may or may not imply the presence of
endogeneity. Only under very special conditions (see
Geroski 1982, p. 58) is failure to reject compatible with
exogeneity. Therefore, it is convenient to regard failure to
reject as indicative only of exogeneity. Our Durbin–Wu–
Hausman tests reveal evidence of endogeneity (χ2 =
8812.93, p < .00) and confirm our a priori reasoning for
opting for a simultaneous system of estimation. Davidson
and MacKinnon (1993, p. 234) state that, in general, it is
desirable for a model to be somewhat overidentified to

ensure good finite sample properties for the use of IV esti-
mation such as 3SLS, and our model is overidentified.2

The three instruments used in Equation 2 are lagged
advertising, lagged turnover, and turnover square.
Wooldridge (2003) recommends that instruments should
explain AD but have minimal correlation with the original
model residual. Lagged advertising has been used in the
marketing literature as an instrument (see Sriram, Bal-
achander and Kalwani 2007). Lagged turnover is also a
potential predictor of AD, and so we use it as an instrument
along with its square (see Palia 2001). First-stage regres-
sions show that both lagged advertising and lagged turnover
are significant. A useful check of the relevance of instru-
ments is to ensure that the F-statistic from the first-stage
regression exceeds ten (see Stock and Watson 2003, chap.
10), and in our case, this condition is satisfied.

Results

Table 1 presents descriptive statistics for the full sample.
We report the correlation matrix in Table 2. We ran several
fixed-effects regressions to check for omitted factors that
affect both advertising and coverage, including any unob-
served heterogeneity (Wooldridge 2003). The fixed-effects
results show significant, positive effects of advertising on
coverage, thus conclusively ruling out the explanation for
spurious correlation and unobserved heterogeneity. Table 3
reports the results of the 3SLS regressions for dependent
variable “number of equivalent pages (NEQPAG).”3 It also
reports the results of a series of nested models, which show
the robustness of the hypothesized effects. Model 5 adds
significant effects relative to all other models that are nested
in it. A nested F-test between Model 4 and Model 5 was sig-
nificant (F1, 25197 = 126.72, p > .00). Thus, we focus on
Model 5 when discussing the key results.

H1 predicts that advertising by corporation i will posi-
tively influence the coverage of that corporation’s products
in the magazines and newspapers of publisher j. Ideally, if
coverage and editorial contents of publishers are free of cor-
porate influence, the coefficient of advertising, β1, would be
expected to be insignificant and statistically not different
from zero. However, the coefficient of advertising is posi-
tive and significant in Table 3 (β = .399, p < .01), in support
of our key hypothesis. Whether because of overt pressures
or an unconscious desire to please advertisers, publishers
provide a special treatment to companies that, through their
advertising investments, provide magazines with financial
resources necessary for economic survival and market
success.
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Variable Minimum Maximum M SD

Number of placements in 2003 (NPLACE) 0 1,078 4.362 26.082
Number of equivalent pages in 2003 (NEQPAG) 0 333.210 1.100 7.216
Mean equivalent pages in competitive publishers in 

2003 (CAVGEQ) 0 31.537 1.067 2.732
Variance in equivalent pages in competitive publishers 

in 2003 (CVAREQ) 0 4,531.227 43.704 274.682
Innovativeness, measured by the presence/absence of

fashion shows in 2002 (INNOV) 0 1 .219 .414
Advertising pages in 2003 (AD03) 0 191 .877 5.358
Advertising pages in 2002 (AD02) 0 172 .795 5.033

0 1,922,570,000 66,219,000 148,074,685.20
17,961 1,975,631,000 72,607,000 174,069,896.26

Number of employees in 2002 (NUMEMP) 1 14,452 221.820 967.661
Return on equity in 2002 (ROE) –8.743 3.961 .051 .664
Company age in 2003 (AGE) 1 166 27.090 24.232

Notes: N = 35,793 cases (i.e., 291 companies × 123 publishers).

TABLE 1
Descriptive Statistics for the Data Set

Turnover in 2002 (€) (TURN)
Total assets in 2002 (€) (SIZE)

TABLE 2
Correlations Among Variables

NEQPAG CAVGEQ CVAREQ INNOV AD03 AD02 TURN SIZE NUMEMP ROE AGE

NEQPAG 1.00
CAVGEQ .36 1.00
CVAREQ .22 .66 1.00
INNOV .23 .56 .41 1.00
AD03 .72 .26 .10 .13 1.00
AD02 .68 .23 .11 .12 .86 1.00
TURN .09 .21 .15 .05 .09 .08 1.00
SIZE .06 .15 .10 .07 .06 .06 .94 1.00
NUMEMP .01 .02 .01 –.01 –.00 .00 .19 .22 1.00
ROE .02 .05 .05 .07 .02 .01 .16 .14 .02 1.00
AGE –.03 –.07 –.02 –.05 –.03 –.03 .03 .05 .26 –.02 1.00

Notes: AD03 = advertising pages in 2003, CAVGEQ = mean equivalent pages of coverage in competitive publishers, CVAREQ = variance of
equivalent pages of coverage in competitive publishers, INNOV = company innovativeness measured by whether it had a fashion show
in 2002, SIZE = assets in 2002, TURN = turnover in 2002, ROE = return on equity, NUMEMP = number of employees, and AGE = age
of the company.

H2 predicts that more specialized publishers who are
largely dependent on a single industry will exhibit a greater
degree of dependence in the coverage of their corporate
sponsors. Consistent with this hypothesis, we find that the
coefficient of interaction term SPEC × lnAD is positive and
significant in Table 3 (β = .318, p < .02), in support of H2.
Diversified publishers can obtain financial resources from
advertisers in different industries. Companies unsatisfied
with their product coverage would be more easily replaced,
making overt or tacit threats of withdrawing advertising
investments less consequential. Thus, their reduced depen-
dence on the fashion industry results in a reduced impact of
advertising on their product coverage decisions. In contrast,
media outlets specializing in the fashion industry face more
difficulties in substituting unsatisfied advertisers and, as a
consequence, tend to produce editorial content that is more
responsive to advertising investments.

H3a predicts that advertising influence on the coverage
of a company’s products will be greater the more those
products are covered by competing publishers. The coeffi-
cient of CAVGEQ × lnAD is positive and significant in
Table 3 (β = .016, p < .01), lending support to H3a. Thus,
when the mean coverage of a company’s products among

competing publishers is high, the influence of corporate
advertising appears to be greater for any publisher. H3b
examines another aspect of such competitive peer pres-
sure—namely, the impact of variance in coverage among
other publishers on any publisher’s coverage decision. The
coefficient of CVAREQ × lnAD is significant and, as
expected, negative (β = –.0001, p < .01). We hypothesized
that in cases of uncertainty about the quality of a given
company’s products, publishers could favor their advertisers
without appearing conspicuous and affecting their reputa-
tion. Our empirical results show that variance in coverage
indeed adversely affects the impact of advertising on cover-
age. Apparently, fashion publishers “look less at each other”
when covering advertisers whose product quality is uncer-
tain and who correspondingly receive a reduced editorial
visibility.

H4a predicts that smaller companies in the industry are at
a disadvantage in garnering coverage of their products com-
pared with larger corporations. Consistent with this hypothe-
sis, we find that the coefficient of SIZE × lnAD is positive
and significant in Table 3, in support of H4a. Larger (smaller)
companies get proportionately more (less) coverage given
their levels of advertisements. H4b predicts that publishers
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Model 1 Model 2 Model 3 Model 4 Model 5

Equation 1: lnNEQPAG03
CONSTANT .085** (.005) –.028** (.004) .039** (.003) .028** (.004) .03** (.001)
lnAD03 .906** (.006) .779** (.004) .568** (.011) .539** (.013) .399** (.02)
SPEC .013** (.004) .461** (.021) .229** (.015) .189** (.015) .132** (.02)
SPECSQ –.427** (.019) –.252** (.014) –.209** (.014) –.149** (.02)
CAVGEQ .074** (.001) .027** (.001) .026** (.001) .02** (.001)
CVAREQ –.0003** (9.3e-06) –.0001** (7.14e-06) –.00001** (8.1e-06) –.0001** (8.3e-06)
SIZE –3.4e-11** (1.2e–11) –4.9e-11** (1.2e-11) 7.8e-11** (2.8e-11) 1.2e-10** (2.9e-11)
INNOV .100** (.005) .149** (.006) .143** (.006) .165** (.01)
SPEC × lnAD03 .355** (.011) .344** (.012) .318** (.02)
CAVGEQ × lnAD03 .003** (.001) .001** (.000) .016** (.001)
CVAREQ × lnAD03 –6.6e-07** (5.3e-06) –3.57e-06** (6.35e-06) –.0001** (9.0e-06)
SIZE × lnAD03 1.4e-10** (7.9e-12) 6.2e-10** (3.4e-11) 5.6e-10** (3.7e-11)
INNOV × lnAD03 .159** (.006) .155** (.006) .093** (.01)
ROE .018** (.003) .014** (.003)
NUMEMP 7.68e-07** (1.20e-06) 6.0e-07** (1.2e-06)
AGE –.0001** (.0001) –.0001** (.0001)
ITALY × lnAD03 .26** (.01)

N = 33,455; R2 = .54 N = 33,332; R2 = .63 N = 33,332; R2 = .61 N = 25,214; R2 = .59 N = 25,214; R2 = .59
Equation 2: lnAD03

CONSTANT –.022** (.01) .002** (.002) –.019** (.002) –.007** (.002) –.012** (.003)
lnNEQPAG03 .207** (.28) .273** (.009) .675** (.009) .733** (.010) .84** (.01)
lnAD02 .712** (.214) .673** (.008) .362** (.008) .335** (.0001) .25** (.01)
TURN 1.93e-10** (1.21e-10) 8.2e-11** (2e-11) 6.1e-11** (1.8e-11) –1.9e-10** (3.8e-11) –2.2e-10** (3.4e-11)
TURNSQ –5.03e-20** (4.30e-20) –1.37e-20** (1.22e-20) –5.1e-20** (1.01e-20) 5.75e-20** (6.07e-20) 6.5e-20** (6.4e-20)
INNOV .073** (.074) –.046** (.005) –.153** (.005) –.154** (.001) –.18** (.01)

N = 33,455; R2 = .75 N = 33,332; R2 = .76 N = 33,332; R2 = .67 N = 25,214; R2 = .64 N = 25,214; R2 = .58

TABLE 3
Impact of Advertising on Media Coverage: Simultaneous Equations Estimation by 3SLS Using Aggregated European and U.S. Publisher-Level

Data

*p < .05.
**p < .01.
Notes: Standard errors are in parentheses. lnNEQPAG03 = dependent variable = log of number of equivalent pages of coverage in 2003; lnAD03 = log of advertising pages in 2003; SPEC = pub-

lisher’s degree of specialization in fashion; SPECSQ = square of SPEC; CAVGEQ = mean equivalent pages of coverage in competitive publishers; CVAREQ = variance of equivalent pages
of coverage in competitive publishers; SIZE = assets in 2002; TURN02 = turnover in 2003; INNOV = company innovativeness measured by whether it had a fashion show in 2002; SPEC ×
lnAD03, CAVGEQ × lnAD03, CVAREQ × lnAD03, TURN02 × lnAD03, ITALY × lnAD03, and INNOV × lnAD03 are the interaction terms of SPEC, CAVGEQ, CVAREQ, TURN02, INNOV, and
ITALY (country dummy), respectively, with lnAD03; ROE = return on equity; NUMEMP = number of employees; and AGE = age of the company.
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will provide more coverage of innovative companies for any
given level of advertisement. In the fashion industry, there is
a status hierarchy, at the top of which are companies that
present their collections in the context of the most important
fashion weeks and are viewed by the fashion media as style
innovators. As we expected, the coefficient of the interaction
term INNOV × lnAD has a positive and statistically signifi-
cant coefficient in Table 3 (β = .093, p < .01), in support of
H4b. Innovative companies get proportionately more cover-
age for any level of advertising expenditures.

H5 suggests that corporate advertising assumes a greater
influence on coverage when the advertiser and the publisher
are based in the same country. To test this, we create a
country dummy (ITALY) that takes a value of 1 if the coun-
try is Italy and 0 if otherwise. Then, we create the inter-
action term ITALY × lnAD. The coefficient of this inter-
action in Model 5 is positive and significant, suggesting that
in Italy, corporate advertising wields greater influence on
coverage than in other countries, in support H5. Such “patri-
otic” behavior may be the result of various factors, includ-
ing journalists’ preferences for Italian products and greater
advertiser control of and familiarity with the domestic
media system.

Finally, H6 predicts instead that the advertising influ-
ence on editorial content is similar across countries. Table 4
reports the results for each of the five countries: Italy,
France, Germany, the United Kingdom, and the United
States. For each country, the coefficient of β1 is positive and
significant, thus exhibiting strong proadvertiser bias among
publishers in each country. However, there are significant
differences among countries in terms of the impact of
advertising on product coverage. For example, β1 is rela-
tively low in the case of French publishers (β = .373, p <
.01) and relatively high in the case of U.S. publishers (β =
.523, p < .01). To verify whether such differences are statis-
tically significant, we employed a Chow test. The results of
the Chow test (F16, 25182 = 119.74, p < .01) reject the equal-
ity of the parameters. This leads us to reject H6, thus sug-
gesting differential effects of advertising’s influence on
coverage across countries.

Magazine-Level Analysis

In this section, we augment our analysis at the publisher
level with additional data at the magazine level. We
obtained magazine-level advertising and coverage data for
176 Italian magazines. This expands the data set substan-

Italy Germany France United Kingdom United States

Equation 1: lnNEQPAG03
CONSTANT .036** .107** .061** .024* .007
lnAD03 .572** .169** .373** .262** .523**
SPEC .234** –.188** –.073 .164** .054
SPECSQ –.250** .069 .006 –.204** –.051
CAVGEQ .012** .124** .104** .066** .110**
CVAREQ –.000** –.003** –.002** –.002** –.003**
SIZE 6.88e-11 1.82e-10* 4.21e-11 8.58e-11 –5.20e-11
INNOV .162** .134** .082** .096** .086**
SPEC × lnAD03 .325** .530** .374** .378** .127**
CAVGEQ × .036** .029** .006 .061** –.003
CVAREQ × –.0002** –.001** .000 –.002** .000
SIZE × lnAD03 4.83e-10** 1.84e-09** 2.81e-10** 6.41e-10** 3.44e-10**
INNOV × lnAD03 .064** .097** .157** .226** .137**
ROE .009** .034** .022* .030** .005
NUMEMP 1.14e-06 –3.76e-06 –3.04e-07 –7.26e-07 7.23e-07
AGE .000 .000 –.000 –.000 –.000

N = 12,505; R2 = .56 N = 3076; R2 = .63 N = 3075; R2 = .69 N = 3279; R2 = .69 N = 3279; R2 = .72

Equation 2: (lnAD03)
CONSTANT –.024** –.002 .0006 –.004 .016*
lnNEQPAG03 .886** .451** .522** .583** .609**
lnAD02 .222** .503** .520** .452** .472**
TURN –2.12e-10** –2.39e-10* –6.61e-11 9.57e-11 4.46e-11
TURNSQ 1.11e-19 4.10e-20 –4.08e-20 –1.40e19 –6.22e-20
INNOV –.181** –.129** –.087** –.098** –.131**

N = 12,505; R2 = .54 N = 3076; R2 = .68 N = 3076; R2 = .73 N = 3279; R2 = .76 N = 3279; R2 = .74

*p < .05.
**p < .01.
Notes: lnNEQPAG03 = dependent variable = log of number of equivalent pages of coverage in 2003; lnAD03 = log of advertising pages in 2003;

SPEC = publisher’s degree of specialization in fashion; SPECSQ = square of SPEC; CAVGEQ = mean equivalent pages of coverage in
competitive publishers; CVAREQ = variance of equivalent pages of coverage in competitive publishers; SIZE = assets in 2002;
TURN02 = turnover in 2003; INNOV = company innovativeness measured by whether it had a fashion show in 2002; SPEC × lnAD03,
CAVGEQ × lnAD03, CVAREQ × lnAD03, TURN02 × lnAD03, ITALY × lnAD03, and INNOV × lnAD03 are the interaction terms of SPEC,
CAVGEQ, CVAREQ, TURN02, INNOV, and ITALY (country dummy), respectively, with lnAD03; ROE = return on equity; NUMEMP =
number of employees; and AGE = age of the company.

TABLE 4
Impact of Advertising on Media Coverage: Simultaneous Equations Estimation by 3SLS Using Country-

Specific Publisher-Level Data
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tially, giving us 291 × 176 = 51,216 observations for Italy.
The analysis is done at the magazine–company dyad level.
We are also able to obtain the frequency of publication of
each one of these magazines: We code several dummy
variables, such as daily, weekly, biweekly, monthly,
bimonthly, quarterly, and semiannual, with the default being
yearly. We do not consider the SPEC (degree of specializa-
tion) variable, which was applicable only at the publisher
level. Instead, we code magazines as being specialized in
fashion if their total advertising or editorial pages equal or
exceed the 75th percentile; this enables us to include not
only magazines entirely devoted to fashion (e.g., Vogue
Italy) but also those that cover fashion a lot despite not
being entirely dedicated to fashion (e.g., many women’s
magazines) and/or have readers who are a viable target
group for fashion companies (e.g., interior design maga-
zines). Accordingly, we create a NONFASHION dummy
variable, which equals 1 for magazines not specialized in
fashion and 0 otherwise. As in H2, we expect that the
impact of advertising on coverage will be lower in the case
of nonfashion magazines. We present the magazine-level
results in Table 5.

Here, we summarize some highlights of the magazine-
level analysis: First, the coefficient of advertising, β1, at the
magazine level is .254 (SE = .004) (Model 5 in Table 5),
which is less than 50% compared with the pooled analysis
at the publisher level within Italy (β1 = .572, SE = .022, in
Table 4). Thus, at the magazine level, the impact of adver-
tising on coverage is lower, as may be expected considering
that, in general, the coefficients of aggregated data are
larger than those of less aggregated data (Garrett 2003).
This finding may also partially reflect the adoption of
magazine portfolio strategies by publishers, so that advertis-
ing in magazine A results in increased product coverage in
magazine B. Second, general results of all the hypotheses
remain unchanged. Third, among the frequency of publica-
tion dummies, weekly, biweekly, and monthly are positive
and significant, with the biweekly being the strongest;
semiannual and quarterly frequencies are significant but
negative; and the other periods are nonsignificant. Appar-
ently, all else being equal, the impact of advertising on cov-
erage may be higher in some magazines than in others.
Fourth, the coefficient of NONFASHION is negative and
significant (β = –.079, SE = .003). Consistent with H2, at
the magazine level, we find that specialized media outlets
that obtain their advertising revenue from a single industry
provide more coverage to their advertisers. Magazines with
a more diversified advertiser base exhibit lower levels of
dependency on their advertisers.

Discussion and Conclusion
The media may play two roles in consumer information
processes (Solomon 1986): (1) market simplification (by
covering some products and not others, the media may
reduce the number of alternatives considered by consumers)
and (2) market guidance (by evaluating products, the media
may influence the alternatives selected by consumers). Mar-
keting studies have focused on critical reviews and recom-
mendations (Basuroy, Chatterjee, and Ravid 2003; Eliash-

4We thank an anonymous reviewer for suggesting that biased
media content can increase, as well as decrease, consumer welfare.

5We thank an anonymous reviewer for pointing this out.

berg and Shugan 1997; Hennig-Thurau, Houston, and
Sridhar 2006; Hennig-Thurau, Houston, and Walsh 2006;
Holbrook 1999; Holbrook and Addis 2007), in which both
effects are present. In this article, we address the market
simplification role of product coverage and examine some
of its determinants.

In the context we investigated, our study shows that edi-
torial content is not free of advertiser influence. With a suf-
ficient advertising budget, the media may cover products
without regard for their quality. When promoting high-
quality products, advertising’s influence on media coverage
may actually increase consumer welfare.4 However, large
advertising budgets are sometimes employed to compensate
for reduced product quality (e.g., Hennig-Thurau, Houston,
and Sridhar 2006). In these cases, the impact of advertising
on media content, which is considered more credible by
consumers, is likely to reduce consumer welfare.

Our findings have implications for the conceptualization
of product publicity in the marketing communication mix.
The usual characterization of product publicity with respect
to advertising in marketing, communications, and public
relations textbooks is “low cost and high credibility”
(Williams 1988). However, as we show, high levels of prod-
uct publicity (coverage) are hardly obtainable without sig-
nificant advertising expenditures. To the extent that our
findings are generalizable to other industries and media
channels, we contend that product publicity and advertising
may not be considered distinct marketing communication
tools. Moreover, it appears that the characterization of prod-
uct publicity as “unpaid” is grossly overestimated.

Our study has implications for marketing practitioners.
Advertising may have both a direct impact on product per-
formance and an indirect one mediated by its influence on
product coverage in the media. Our model suggests that the
elasticity of advertising on coverage is .4, though several
meta-analyses have shown the elasticity of advertising on
sales to be typically around .1 (Tellis 2004). Thus, the total
effect of advertising on sales may be much larger than the
direct effect, if the indirect effect through coverage is
included and if coverage has a significant effect on sales.5

Companies have many strategies available to increase
the volume of coverage they receive for any given level of
advertising expenditures. First, innovative products are
newsworthy. Smaller companies, which according to our
findings are at a disadvantage in obtaining media coverage
for their products, are those that could benefit the most from
the media’s quest for news. The rather eccentric and stylis-
tically innovative fashion sometimes presented by emerging
designers may be a means to obtain coverage for their prod-
ucts, despite their lack of advertising resources. Companies
from other industries may become inspired by the publicity
strategies of these creative brands.

Second, companies should also consider the differences
that exist among media outlets in terms of their responsive-
ness to advertiser influence. Thus, media planning decisions
may affect the overall coverage obtained for any given level
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Model 1 Model 2 Model 3 Model 4 Model 5

Equation 1: lnNEQPAG03
CONSTANT .052** (.002) .024** (.002) .083** (.002) .064** (.003) .104* (.013)
lnAD03 .713** (.004) .703** (.004) .354** (.003) .305** (.004) .254** (.004)
CAVGEQ .036** (.001) .063** (.001) .004** (.001) .003* (.001) .009** (.003)
CVAREQ –8.4e-06** (3.4e-07) –5.1e-07** (2.9e-07) –3.2e-07 (3.4e-07) –1.10e-06** (1.4e-06)
SIZE –2.5e-11** (1.1e-11) –1.2e-10** (8.9e-12) –3.7e-10** (1.9e-11) –3.48e-10** (1.94e-11)
INNOV .061** (.005) –.053** (.004) .040** (.004) –.034** (.005)
CAVGEQ × lnAD03 .076** (.001) .070** (.001) .188** (.003)
CVAREQ × lnAD03 –.00001** (2.4e-07) –.00002** (2.7e-07) –.00001**(1.2e-06)
SIZE × lnAD03 2.4e-10** (7.9e-12) 2.6e-09** (3.6e-11) 2.33e-09** (3.7e-11)
INNOV × lnAD03 .432** (.006) .399** (.006) .287** (.007)
ROE .017** (.003) .019** (.003)
NUMEMP 5.5e-06** (1.3e-06) 5.6e-06** (1.3e-06)
AGE .0002** (.0001) .00001 (.0001)
DAILY –.015** (.014)
WEEKLY .086** (.013)
BIWEEKLY .211** (.018)
MONTHLY .010** (.012)
BIMONTHLY –.022** (.016)
QUARTERLY –.026** (.013)
SEMIANNUAL –.049** (.014)
NONFASHION –.079** (.003)

N = 47,145; R2 = .48 N = 46,969; R2 = .49 N = 46,969; R2 = .75 N = 35,365; R2 = .75 N = 34,157; R2 = .78
Equation 2: lnAD03

CONSTANT .008** (.012) .020** (.012) –.007** (.013) .039** (.016) .027 (.017)
lnNEQPAG03 .022* *(.011) .098** (.010) .087** (.004) .098** (.005) .060** (.004)
lnAD02 .995** (.009) .940** (.008) .948** (.004) .967** (.004) .995** (.004)
TURN .001** (.001) .0002 (.0007) .002** (.001) –.0001 (.0001) .00003 (.001)
TURNSQ 3.9e-20** (5.1e-21) 2.9e-20** (5.1e-21) 2.0e-20** (5.2e-21) 2.7e-20 (3.5e-20) –2.6e-20 (3.7e-20)
INNOV .008** (.003) –.023** (.003) –.021** (.003) –.012** (.003) –.003 (.003)

N = 47,145; R2 = .79 N = 46,969; R2 = .80 N = 46,969; R2 = .79 N = 35,365; R2 = .77 N = 34,157; R2 = .76

TABLE 5
Impact of Advertising on Media Coverage: Magazine-Level Analysis (Italy Only) Using 3SLS

*p < .05.
**p < .01.
Notes: Standard errors are in parentheses. lnNEQPAG03 = dependent variable = log of number of equivalent pages of coverage in magazines in 2003; lnAD03 = log of advertising pages in maga-

zines in 2003; CAVGEQ = mean equivalent pages of coverage in competitive magazines; CVAREQ = variance of equivalent pages of coverage in competitive magazines; SIZE = assets in
2002; TURN02 = turnover in 2003; INNOV = company innovativeness measured by whether it had a fashion show in 2002; CAVGEQ × lnAD03, CVAREQ × lnAD03, SIZE × lnAD03, and
INNOV × lnAD03 are the interaction terms of CAVGEQ, CVAREQ, SIZE, and INNOV, respectively, with lnAD03; ROE = return on equity; NUMEMP = number of employees; AGE = age of
the company; DAILY, WEEKLY, BIWEEKLY, MONTHLY, BIMONTHLY, QUARTERLY, and SEMIANNUAL are dummies for frequency of publication of specific magazines with the default being
annual; and NONFASHION = dummy indicating that the magazine is specialized in non-fashion-related products primarily.
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of advertising. Diversified publishers and magazines are
less dependent on the advertising revenues provided by any
single industry. As a consequence, companies that concen-
trate their advertising investment on industry-specialized
media will obtain greater coverage of their products. In the
same way, some magazines (weeklies, biweeklies) treat
their advertisers in a more favorable manner than others.
Moreover, similar to consumers and industrial buyers (e.g.,
Gürhan-Canli and Maheswaran 2000; Maheswaran 1994;
White and Cundiff 1978), we found that media outlets react
differently to the advertiser’s country of origin. In the fash-
ion industry, foreignness may be a liability for Italian com-
panies in the case of possibly nationalistic French publish-
ers but apparently not in the case of U.S. media outlets.
Thus, return on advertising investments in terms of media
coverage may differ dramatically across countries.

Finally, patterns of influence among competing publish-
ers are also important predictors of coverage decisions. By
advertising in a given magazine, a company obtains a direct
benefit in terms of product coverage in the pages of that
magazine. However, as we show, the company also obtains
an indirect benefit because competing magazines will be
pressured to cover that company’s products, even when that
company may not be an advertiser. Although our data do
not lend themselves to testing the impact of coverage deci-
sions of individual magazines, it is likely that some maga-
zines are more influential than others. For example, Vogue
USA may influence coverage decisions of other magazines

in the United States and abroad. Thus, companies could
exploit the notion that journalists and publishers “look at
each other” when making coverage decisions.

Our research also has several limitations that open up
potential avenues for further research. First, our data were
gathered from a single industry whose idiosyncratic charac-
teristics could limit the external validity of our research
findings. Because fashion is evaluated on the basis of sym-
bolic and aesthetic elements (Cappetta, Cillo, and Ponti
2006) that are intrinsically subjective, publishers could suc-
cumb to advertiser influence more easily than in the case of
products whose quality can be evaluated in an objective and
reliable manner, such as safety and fuel consumption of
cars or past financial performance and risk levels in the case
of financial securities. Thus, advertiser influence may be
greater in fashion than in other types of products. Second,
we focused on Italian companies only. Although the export
orientation of these companies enabled us to explore issues
of similarity in the responsiveness of media organizations to
advertising pressures in the age of globalization, we were
unable to explore country-of-origin effects. Further research
should explore issues of nationalism and preferences for
foreign products across media organizations. Third, we
gathered data on product coverage at the publisher level and
augmented the analysis at the magazine level only for Italy.
Further research could explore more fine-grained analyses.
Much work remains to be done.

APPENDIX
Example of Product Coverage by Publishers

Notes: Reproduced with permission of the copyright owner.
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